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SImWell

Delivering Decision Intelligence
World leader in Simulation
Team of 80 and growing

Global footprint
USA, Canada, Australia, Netherlands, India

We have worked with clients who are
industry leaders SINNVELL

Multi-disciplinary team built to deliver
Digital Twins at scale

RioTinto @ 0 /BInBev

e




Simulation

+ Scenario, Capacity, & Master Planning
+ Risk Analysis
» Facility Design

Optimization

 Strategic Network Design
« Transportation/Routing Optimization

* Inventory Optimization
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Digital Twin

* Plant Digital Twin
« Supply chain digital twin

» Resilient and Sustainable Production

Your Decision

Intelligence Partner

Production Planning
and Scheduling

+ Dynamic Scheduling
» Scenario testing

» Risk Analysis and mitigation

+ System integration

Data Science

» Big Data & Transformation
« Data Pipeline and Bl Dashboarding

* Machine learning and analytics




Decisions iIn QSR

Every QSR operator or Manager makes hundreds of decisions.

- Staffing level and skill mix?

« Number of equipment. Do we need another fryer?
« Will a small change in layout improve flowe

- Do we need another kiosk or order taker?

* Why is the drive-through queue so long<¢

« Why is food wastage so high?

« Should we prepare fries in batches or on-demand?

. efc.

Simulation is the tool that can guide to make these decisions with confidence
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Why simulation®e

* Explore
;Y% ; e Change - Capture the complexity of the
/n«\ * - ’R « Compare system including
® :\R e Optimize - System interactions
o .\k’ \ P « Resource constraints
' Y : — - Variability
*‘/ --' M - Changes over time
. Aﬂ+Te§hn0|0gv \‘ - Change input parameters and
* Abstraction compare What-if Scenarios
The model
R N + Remove emotion from the
- I T decision-making process
* Design - Improve communication
* Improve be.’rwee.n stakeholders with
animatfion
* QOperate
Changes / experiments: .-
— Not possible N
— Dangerous

The real (or planned) object



Traditional Decision Making

Decision Intelligence based

QSR Manager
Experience and gut

feel

Spreadsheet
analysis (static)

!

Test in Pilot Stores

!

Implement
and
Hope it works!
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Create Sim Model

!

Generate alternatives
—>» and test in Model (use
Experience)

!

Compare and
understand trade-

offs

Deploy best
alternative.
Iterate.




Decisions that QSR Model facllitate

« For Design
« Compare Restaurant layouts
« Drive through layout, number of lanes, number of parking spots etc.
« Plan for ideal number of staff and equipment based on expected volume and service level
* Impact of increasing orders, shift in order channels

» For Operations
« Optimize staffing across the day. Dynamic role allocation. Balance labor cost and service
« Test impact of a new equipment or new process
* Batch preparation vs make to order
+ Find bottlenecks, test strategies to de-bottleneck
« Optimize batch sizes, balance freshness, wastage and service level
« Number of Kiosks and order takers
+ Analyze customer journey and find improvements, seating capacity, drive through pull fwd
« Test impact of add/remove menu items, change in process steps etc.
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Model Architecture
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Data Model

db_menu_items

db_routings

db_ingredient_data db_operations
operation id responsibility | workstation id

db_staff_responsibilities

db_workstations

db resources workstation id
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4. QSR Model - Simulation1 - AnyLogic Professianal - 0 X A SimWell Restaurant Virtual Innovation Lab - AnyLogic Professional - o X

Generic QSR Catering Model - Inside Kitchen vio OrderArea 2D Dashboard 11:04:35 AM Restaurant Model Orders 3D Kitchen  Dashboard 06:02:48 PM
1 p—
I lml

Order Area

=
A

Guest Visits(per hr)

No. of Kitchen Staff

No. of presenters

A SimWell Quick Service Restaurant Virtusl Innevation Lab - AnyLogic Professional A SimWell Vi

Restaurant Modelss 3D Kitchen  Dashboard 11:08:02 AM

Pizza Restaurant Model Orders Dashboard 11:01:59 AM




Al for Improving Customer Experience

Kitchen Management System

Order Channels; .
Walk-In n Print Next Order
Drive-Th h

e o S 2 R TGl = fo vork or

Trained RL New

Objective: Improve Customer Experience by determining order priority using Al, reducing service time for

customers

Approach: Shuffling the orders inside the Kitchen management system using Al

« Reinforcement Learning agent is frained inside a simulation model of the restaurant, then deployed as
a web service.

« Kitchen management system sends the orders in-queue to the reinforcement learning agent to decide
which order to do next.

Outcome: Reduced the service time for in-store and drive-thru customers by ~10%, with low impact on

mobile order pickup

SINIELL i
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Total Experience Time Guest Statistics

Channel Guests Avg Exp  Avg Svc
Scenario Type: Gainsville Time Time

Mum Order Takers: 1 Community Table: 193. 117 15454
Mum Order Presenters: 2 Mobile Order: 41722 41722
Mum Staff: 11 Curbside: 0 0
Pull Forward Size: 4 Delivery: 0 0

fo% Drive Thru: 223.879

Scenario Settings:

0%
-200

Staff LMilization Resource Utilization Stock Outs.
;1 | workArea:M | staffMum 1 0% : MachineB | Soda Fountain

;10 | workfrea:k | staffdum 1 0% d: MachineC | lce Machine
;8 | workdrea K | staffdum 2 08 : MachineD | Turbochef
: & | workreaF | stafium 1 1% : MachineE | Induction Bumer
: T | workirea:F | staffum 2 3% : MachineF | Toaster
: G | workdrea:D | staffum 1 08 : Machine | Shave lce Machine
: 5 | workidrea D | stafifdum 2 0% : MachineH | King's Whip Machine
;4 | workrea: D | stafidum 3 g% : Machinel | Fryer 2 Fries
: 3 | workéreatA | staffum 1 1% : Machined | Fryer 1 Protein
: 2 | workdrea A | stafflum 2 24% : Machinel | Griddie
;1| workreaA | stafflum 3 0% : MachineM | Rational cooker
08 : MachineM | Microwawve
0% : MachineQ | Gril
8% : MachineP | Donut Fryer
1% : Machine | Soda Fountain 2

Stock Levels Avg age (hours)
10 : 101 | Garlic Rice .40 - 101 | Garlic Rice

10 - 102 | Mochiko Chicken Bites .58 - 102 | Mochiko Chicken Bites
13 : 138 | Menchi Katsu Patties 5.85 - 138 | Menchi Katsu Patties
13 : 140 | Ower-Easy Egg i - 140 | Owver-Easy Egg

18 : 160 | Bulgogi Beef - 160 | Bulgogi Beef

17 - 171 | Potato Mac Salad 7.0 - 171 | Potato Mac Salad

SINNNELL
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Order Count Per Arrival interval

Sailing Start

Count of custemers

g 1920
- . 2
I'Illl.lll. . o |
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num orders comple..
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Distribution of Order Complexity
Order Max Items
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Order Share by Channel

100%

Share % in all Orders

@ MEDIUM @HIGH Order Channel

Distribution of Total Guest Experience Time

Time elapsed between guest entry and exit in the cafeteria

Number Of Orders

Experience Time (minutes)
Queue time in KDS
etween placing an order and beginning its first line’s processing
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42
3
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Time Lag (minutes)
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]
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5
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Time to Service (minutes)
Order Preparation Time
Time elapsed between earliest orderline pre, rt and order ready at pickup peint Preference: All
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Include Large
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Preparation Time (minutes)
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Staff Utilization by Role and ID

Staff Utilization includes both working and movement time

. T
——

10
1
[l CSA - Steam (CSA - So.

CSA - Order Handover (CSA)

50
Utilization %

Staff Time Breakdown

replicati
@ moving time o
PPVl @ uorking time
®idle time

Bl ®break time

Seating Area Occupancy Over time Number of People in Seating/Waiting Area

s

Sailing Time (minutes!
Average Service Time over Sailing Time

er of People

Seat Occupnacy %

Sailing Time (minutes)
.

Order Waiting Time in KDS

-

Sailing Time (minutes Sailing Time (minutes|

Time (minutes)

replicatit

0

K

Revenue Split By Category

Category Level Contribution

Catagory @

Manu Item Type

Cost Breakdown

Categery @

Waste Cost by Ingredient replication,

o
[T

Revenue Share in %
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How to operationalizee

SimWell QSR
Simulator in
AnylLogic

|
I-.-%-.

We don't just build Simulation models, we help organizations build an operational decision making capability

Support sund

new features
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Key fake aways

'@' Make evidence based decisions with confidence using Simulation model

$ Start with a PoV and scale company wide

' Operationalize the simulation model using Cloud based experimentation platform

SINIELL E
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Questions®e

Find us at: https://www.simwell.io/

Contact us at:
Jon Santavy, General Manager: jsantavy@simwell.io

Amit Kumar, Director; akumar@simwell.io



https://www.simwell.io/
mailto:lstretton@simwell.io
mailto:akumar@simwell.io
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Join Us at The AnyLogic
Conference 2026

Discover how Simulation and Al shape the future
of decision-making.

Whether you're exploring simulation or leading innovation with
it, the AnyLogic Conference is your opportunity to connect
with a global community of experts and practitioners.

Scan
to participate

Why Attend?

* Explore cutting-edge applications
of Simulation & Al.

* Gain insights from leading companies
and researchers.

* Getinspired by real-world case studies
from across industries.

Two Ways to Participate:

> Attend as aviewer (> Present your work

Stay on top of the latest trends ~ Showcase your project and share
and use cases. your experience with peers.

Register here conference@anylogic.com

%zgnylogic
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